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1- Failure mode and effect analysis
2- Fuzzy logic
3- Artificial intelligent
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Fig.4. Number of epochs versus root mean square error for training and checking data set
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Fig.5. Median weight diameter versus: (a) Moisture content and forward velocity, (b) Moisture content and working
depth layers, (c) Forward velocity and working depth layers
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Fig.6. Correlation between predicted and observed values of median weight diameter
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Table 2- Performance indices (RMSE, MAE, € and R?) for models.

Model RMSE MAE £ (%) R
ANFIS 0.135 0.122 3.6 0.981
ANN 0.493 0.418 5.1 0.918
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Fig.7. Comparison of the predicted values by ANN and ANFIS models with the observed values
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Fig.8. The variation of the values predicted by ANN and ANFIS model from the observed values
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