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2- Waveguide technique
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Fig.1. Structure of system (modeled in CATIA)
1. Keyboard, 2. Monitor, 3. Sensor planes, 4. Alarm lamps, 5. Plastic shield, 6. Wooden body
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1- Artificial Neural Network (ANN)
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Table 1- Distribution of the weight of the provided

samples
RS (Pl Shre Syl Ol
Min (gr) Max (gr) Standard deviation Average (gr)
50.04 74.57 3.19 60.05
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Table 2- Coefficient of correlation between outgoing voltage from sensor and egg weight

Solww e s Solu e s
Frequency (kHz) Coefficient of correlation Frequency (kHz) Coefficient of correlation
35.7 0.641 73.53 0.817
37.88 0.814 86.21 0.812
39.06 0.827 89.29 0.813
46.30 0.831 100.00 0.804
50.00 0.820 119.05 0.860
54.35 0.817 156.25 0.809
59.52 0.823 208.00 -0.053
69.44 0.813 312.50 -0.34
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Table 3- Statistic indices for comparison of 2-layer neural networks used for prediction of eggs weight
i Y (90 dlass
Neurons in hidden layer

RTrain RValidation RTest RTotal RMSE

0.920 0.864 0906  0.911 2.831
0.924 0.916 0.867  0.919 2.634
0.923 0.910 0.8379  0.914 181
0.913 0.897 0932 0.915 2.49
0.925 0.923 0.965 0.93 4.29
0.868 0.874 0.931 0.874 6.702
0.927 0.862 0919  0.916 2.27
0.934 0.914 0.884  0.925 1.917
0.943 0.941 0.896  0.935 1.227
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Table 4- Statistic indices for comparison of 3-layer neural networks used for prediction of eggs weight

pgd i &Y g, Ol

Neurons in second hidden layer Rinain - Rvalicaton Rest Riou RMSE
1 0.913 0.937 0.929 0.920 24
2 0.931 0.834 0.866 0.913 4.944
3 0.963 0.912 0.785 0.934 3.215
4 0.960 0.923 0.964 0.956 1.528
5 0.957 0.958 0.927 0.951 1127
6 0.946 0.900 0.903 0.853 4.782
7 0.98 0.991 0.978 0.983 0.502
8 0.966 0.898 0.975 0.957 2.05
9 0.938 0.896 0.942 0.934 2.056
10 0.961 0.96 0.97 0.963 0.625
20 0.964 0.969 0.962 0.963 0.819
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Fig.4. The fitted line between measured and predicted weights



YAV mae aSud 5 G35 jgmims SaS 4 & yond (598 olmd (23l g el (215

4

C 5

a o o

B 2

e ®

i [ ]

g o ¢ e

o 8o

L 45 50 35 60 65 70

| @ o® 0

he)

2 .

g °

g

5'4 o

E

V)

P . y

g -

%3 e
8

Mean weight (gr)

o (¢ pSo3lul polie b odd e 59 mslie sly (Bland and Altman, 1999) yesdl- M jlges —0 JSui
Fig. 5. Bland-Altman graph (Bland and Altman, 1999) for comparison of measured and predicted weights

L e laaSi ol oxiwly glyp b oolitul awgiw
Wi 001y dawgd ¥ dw 5 Y 9> alisre (sla g jlaxs

i Ve Y 5l it Y g olis Y9 pas 4SSy
O 3l dsr e Ve LAY ey a4 bgype gul oy gy .0 00D
§ Stumpad Gy pdle (il b 9 V L Al Ve &S
a9 aSs Al pl g 4l ppcwlie e Jlude oy eSS
Sl g 0350 4 oy Selio culplty g LI G V- L
Y¥ 3J9 wlXwd ‘_;’L))I ‘_51)4 W ubba‘ Y oKiwd uwl)ujl.{
Bly polie b g A 00 (presS olSiwd SaS'y 03l & popSS dige
Dgr odel Cowddy p)S ooV B b Jlsud (595l K dluwgay oS
Aol Conddy p)5 OF s 3Slis 4 b duolie

93 dwlio (gl Ballay 0390 e A0 ¢ §ios gl ywlwly
B9y s D92 pSTVIVE 9 —OI G (055 5 (8Bly (295 s
Jade ) 55aS 2,5 OV B 1) Era055 (g ol (3Sme S5 8lcs0
(D JS8) w87 iy (8lg sl I il p)S YIS L (Bl

Sl s g Bl 0390000 7100 Sy bglas 358 U5
5 395 0 otnlis & jshilen 5 13 e oL 1) B3] (Siks
A5l e Josb B ord ol ol § ol

& 325 4o

SeoS dy Epam5S (pjo olSed diged Sy g (nl )
el g u._>|)]o P A S @Li))‘ g o0 dinlw il Rue
SLa S o) (S ez IS 15 i S, o

&bo

Aboonajmi, M., A. Akram, T. Nishizu, N. Kondo, S. K. Setarehdan, and A. Rajabipour. 2010. An
ultrasound based technique for the determination of poultry egg quality. Research in Agricultural
Engineering 56 (1): 26-32.

Asadi, V., M. H. Raoufat, and S. M. Nassiri. 2012. Fresh egg mass estimation using machine vision
technique. International Agrophysics 26: 229-234.

Bland, J. M., and D. G. Altman. 1999. Measuring agreement in method comparison studies. Statistical
Methods in Medical Research 8: 135-160.

Garcia-Alegre, M. C., A. Ribeiro, D. Guinea, and G. Cristobal. 1998. Eggshell defects detection based on
color processing. International Workshop on Robotics and Automated Machinery for Bio-Productions:
51-66.

Kuchida, K., M. Fukaya, S. Miyoshi, M. Suzuki, and S. Tsuruta. 1999. Nondestructive prediction method



IFAF 090 Jlumous ¥ o3loids o oo (5359l slamiilo 4y piis YFA

10.

11.

for yolk: albumin ratio in chicken eggs by computer image analysis. Poultry Science 78: 909-913.
Lawrence, K. C., S. C. Yoon, D. R. Jones, G. W. Heitschmidt, B. Park, and W. R. Windham. 2009.
Modified pressure system for imaging egg cracks. Transactions of the ASABE 52 (3): 983-990.

Mertens, K., B. De Ketelaere, B. Kamers, F. R. Bamelis, B. J. Kemps, E. M. Verhoelst, J. G. De
Baerdemaeker, and E. M. Decuypere. 2005. Dirt detection on brown eggs by means of color computer
vision. Poultry Science 84: 1653-1659.

Narushin, V. G., M. N. Romanov, and V. P. Bogatry. 2002. Relationship between preincubation egg
parameters and chick weight after hatching in layer breeds. Biosystems Engineering 83 (3): 73-381.

Patel, V. C., R. W. McClendon, and J. W. Goodrum. 1998. Development and evaluation of an expert
system for egg sorting. Computer and Electronics in Agriculture 20: 97-116.

Ragni, L., C. Cevoli, and A. Berardinelli. 2010. A waveguide technique for non-destructive determination
of egg quality parameters. Journal of Food Engineering 100: 343-348.

Wang, T. Y., and S. K. Nguang. 2007. Low cost sensor for volume and surface area computation of axi-
symmetric agricultural products. Journal of Food Engineering 79: 870-877.



=i
Journal of Agricultural Machinery sl Giagbas s ilo & pis

Vol. 5, No. 2, Fall - Winter 2015, p. 261-269 st RGN YEV-YER o AFAF pg5 Jloans F ol b alo

The design, fabrication and evaluation of egg weighing device using capacitive
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Introduction: Grading agricultural products always has a particular important position for submission to domestic and
overseas markets. The grading causes more profitable product ranges and customer satisfaction. Grading treatment is
carried out based on various parameters such as color, ripeness level, dimensions and weight. Product weight is one of
the most effective parameters in grading operation. Egg weight is directly related to the smallness and coarseness of
eggs. In egg grading, the largeness value is very important in marketing. This research aimed to design, fabricate and
evaluate the egg weighing system based on its dielectric properties.

Materials and Methods: To perform this research, the stages of work are divided into several sections including,
design and construction of the hardware section, writing code for the software section to collect data, conducting
nondestructive tests and data collection, analysis of obtained data using artificial intelligence, and giving the results of
analysis for device calibration of the system as the software code. The large eggs as dielectric substances cause more
increase in the capacity of the capacitive sensor. Furthermore, by derivation of a relation between capacity of capacitive
sensor and egg weight, one can predict the weight of the sample. A prototype unit of weighing system was designed and
fabricated. The designed unit was composed of a chassis, a voltage source, a sinusoidal signal generator, a voltage
measurement unit, an AVR micro controller, a COM port, a capacitive sensor, and an LCD and a keyboard. Neural
network technique was used for egg weight prediction. The designed net receives 16 voltage values at different
frequencies as inputs and its output is the egg weight. In order to calibrate and evaluate the weighing unit, 150 fresh egg
samples were provided on egg laying day from a local poultry farm. Experiments were divided into three groups. The
experiments were carried out on egg-laying day, and the second and fourth day after laying.

Results and Discussion: In this study, two networks were built and evaluated. In the first series, two-layer networks
and in the second series, three-layer networks were developed. In the two-layer neural networks, the number of neurons
in the hidden layer was changed from 2 to 10.According to the given results for two-layer networks, two layer networks
with 10 neurons offer the best results (the highest R-value and minimum RMSE) and it can be chosen as the most
effective two-layer network. Three-layer neural networks have been composed of two hidden layers. The number of
neurons in the first hidden layer was 10 and in the second layer it was changed from 1 to 20. Between three-layer
networks, the network with 7 neurons with the highest R-value and the lowest error is the most appropriate network. It
is even more efficient than the two-layer network with 10 neurons. So, the most appropriate structure is 1-7-10-16 and it
has been selected for calibration of the weighing device. To evaluate and assess the accuracy of the weighing machine,
weights of 24 samples of fresh eggs were predicted and compared with the actual values obtained using a digital scale
with the accuracy of 0.01 gr. The paired t-test has been used to compare the measured and predicted values and the
Bland-Altman method has been used for charting the accordance between the measured and predicted values. Based on
the findings, the difference between the measured and predicted values was observed up to 5.4 gr that is related to a
very large sample. The mean absolute error is equal to 2.21 gr and the mean absolute percentage error is equal to 3.75
%. According to the findings, 95% of the actual and approximate matching range to compare the two weighing methods
is between -5.3 gr and 3.36 gr. Thus, the dielectric technique may underestimate the egg weight up to 5.3 gr or it may
overestimate it up to 3.36 gr more than the actual prediction.

Conclusions: The best results were obtained with a 3 layers net having 10 and 7 neurons, respectively in the first and
the second hidden layers with the highest R-value, 0.983 and the lowest error, 0.502. Therefore, this net was applied for
egg weight prediction. To evaluate the device, the weights of 24 fresh eggs were estimated using the device and were
compared with actual values and the maximum error was observed to be equal to 5.4 gr.
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